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Study on the extraction of Chinese microblog subjective
sentences based on lexicon and corpus

ZHU Hai-huan, YU Qing-song
(Computer Center, East China Normal University, Shanghai 200062, China)

Abstract: In this paper, we propose a new method for the extraction of Chinese
microblog subjective sentence, which is based on a combination of lexicon and corpus. By
determining whether the sentence contains emotional expressions, it can be classified as a
subjective or objective sentence. Firstly, a highly credible sentiment lexicon was built based
on the words whose emotional orientation is fixed from the existing sentiment dictionary.
Based on the highly credible sentiment lexicon, sentiment expressions can be extracted
with assurance of accuracy. Finally, a N-POSW model was proposed for the corpus-based
learning method. Through the 2-POSW model, the remained sentiment expressions in the
sentence can be extracted, thus guaranteeing the overall recall rate. Experimental results
show that the F Value in this paper increases 7% compared with the traditional method,
which is based on the large-scale sentiment lexicon.
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Fig.1 Main thoughts of extracting Chinese microblog subjective sentences
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Tab. 1 A algorithm for extraction of subjective sentences based lexicon

Input: HSCRHIEA) T Sentence
Output: Sentence /& FMAJEL Sentence &M HJ
1: if Sentence 7 SentiDic H /N then
2:  Sentence & W A)
3: else Sentence &M A)
4: end if

AL e IR BT AR ] gt 109 20 0 ol B VR AR KR B AR T P A s 155 Je ] it 1 o4
PG G SR ] AR /N, D) 2 00 il EDCERD 4 [0 4 S BRI, SR S e v (1 L6 4
JEARAE )7 TP B RIBNE K, AR 2 5 m 006 SR HERf 5. B SCh) 3, W A7 7E —
FRELG: — AN ETEAE R A7 RS G, £ 55—MA) T SIS A I, JEHGE - egia A 4
. LA X XA, AR ) 1 TR K #ipad#.” Y, TR CERT R T K R
MAERLIG A7 B AR BA R D 2 B # s, A ARG ? 7 e 3l i <500 A2 1
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AR BRG] T A AN [R) g 1 A A [ R A B ) (IE 0 35 2 1 R e AT, (HIRAT T A g
N AR 2 G O A St 1) 78 2 B 0 T A2 [ e 1, Lhdn “iZgk . “OREEY . B R, TR A%
BRI PR G, FRATT— 77 THI 1 15 8 i) ) o SRR T A VR L, 50— 5 TR A R #)
A AL, R, FoATT I ] g SentiDicH N T Bk H 55 0T i 25 Ay [ o 10 47 S 3 g e — A
o {5 A B 3 R_SentiDic, F T4l 1 f 1 KA SCARHIEL. R_SentiDic A7 1 i 2 143
AN 28257 10 A R_SentiDic 15 ]

% 2 R_SentiDicH10MEREIE
Tab. 2 Ten words in the R_SentiDic
1 1]

AR EAEK XK BE Vi
MRS A sk st WIE

3.2 N-POSW# A

FE 1 IR N-POSW FE7 2 1, B 5G4 N-POS #EB]. N-POS A7 S b 11 v 1 3] ¢ it 37
PEHAT 02, HA) RISk m) N AN AR R — AN, )P TERoR. 2 N=2 I, it
I PRI R Sy 2-POS #5421

A O HIR LT

X L3 1) S bR JE a5 S A <R (AR O (44 1) AR (B & OB 230, (b s 55757,
X FIEANE A 2-POS #ALZ AR G- 4418, 44 -1, @li- e g, Horp, A4 7 A4
2-POS .

SCHR [8] 2 T N-POS AR, A5 18 = 52 1 38 ] 6] 1) 18 3= AT ) ) s 0. SR, AN % 6
Vo P R ] LA PR SR AT — B (PR ZE . AR SCHE T N-POS B 7825 ] 1) 1] 1 3 Wt
161 52 060 4D [ B A1 2% 1) 5 A 4 SORR] T8 UL ) (¥ g ), B2 4 T A0 71 N-POSW #4574,

EX 1 SH—MEA.

EX 2 wi ASTFTH . S=wiwows, w;. wy, n K S W FFHIFIKCEL.

EX 3 SqPOS=(c1, ca,...,cn) M S HEMEFH, ¢; A w; BIATE.

EX 4 N-Words=(wiws. . WxN, WaW3. . WN11, « -, Wn N_1Wn_N+1---Wp), N-Words H
S HIELE N AN 7BV AL B REE U741,

EX 5 N-POSW=(SqPOS,N-Words)} S ¥] N-POSW 8. 4 8 (h Wy 43 4, — A
& S RIS N R MRS, AN S o N AL T AL R R T 41

o) fr, KT A RO A AR BF . R a3 ) R TR bR v S R A5 R <FR (AR O (4
DR (BRI (B 2 07). (bR 55 5)7. X T IXANEA), SqPOS=(RiH, 41, &, B2 0),
2-Words=(F/OE, OIER, REF).

3.3 AT 2-POSW £ A 69 £ 4L &) Fh K

AR T A) T N-POSW #5824 N HY 2 I, iZAE 8B4 2-POSW BE#Y . Ay 3= 2 i)
BIET 2-POSW AL Tl sk i) 2% 3 (1) 5 Al fg 7 (g A7 B SR, AT T 2% 1) 1 1
DSEEYKETR
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1 z;}é('text) > a X obj(text), subj(text) > g, o, subj(text) 45t
A text FEMNZRIERHD BT R BLRIEL, obj(text) A 3CA text fEYIZRiEREP 20 A b LY
THL, o, B AR
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EX T Qwiwiyr)= 0 A, o wiwi e AIER] S IR

S TPA, ¢ i w SNV, a, v, n 2RIER R, g, 4.

EX 8 P(S)= E;:ll Q(wjwiy1) x T(wiwiyr) HHER] S BIFYAE. K, w; AEA S P
SN A, n ok S WFAIKCEE. P(S) MERRER) S B ERRIE SCAR GRS it EERIA
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BT IR o £, HARZRER WA IR R BOR T 8, W &id fy 41 s —
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Tab. 3 A algovithm for extraction of subjective sentence base on 2-POSW
Input: FCER)F S
Output: S ZFWAJE S EFMA
2 XS il R PR
. R S 1 2-POSW #AY
s W P(S)
: if P(S) > 0 then
S 2 FMA
: else S EEMA
: end if

N U W e

3.4 18 A 1B AT 45 A A BRI 4

S TR R S R EPUIRCTE () Y RFS = e S R T N D IR EPUIRGTE iV Ry LB Sy
2-POSW A5 714 fity 1 00 ) il HC 5925 3 LR T # 4) 4 D g v 5 1) 47 J% 4] 8 R_SentiDic. 1 %€,
FANWT ol 9 6 5 PO A5 B 7 R-SentiDic I IGR]; A, WA Wiz f) 7 o0 AU T
R_SentiDic A IR I WA Y, BRI IR 72K 2 B 00 T ik O it i) PRI, it
ISF 1 ) 0 0 v DR UE A e O HEAR 3. {ELE T R_SentiDic H 17 a1 B0 A B, DR AS B £/
E AR A [0 0 T s MR A B AT, IR AR IR B SRR T 2-POSW B (1 32 WL U ik
WU, ORI A% (9 30 ), AT DRAE 0 Ao £ [Pl FAAS A Ik 4 Fiios.

BT 2-POSW AR 1) T 00 A St BB o 28— A 5 AR IE 10 A0 il B E N I kiRt
SR, RARIE ) 5 HE R 2 R HL B A o, (H 3 B WA (0 ) iR R R s = R
TR ARAREERLEA T N AR AT 3045 22 I ARVE vk, /5 A KR 1S . DA SCIR A
55 2 TP A AR ST R A T O Je ] i ) U A it RCSTR  K ARARE FR B 1A T A2 W
PRI, TSI 5 (I ZRiR], X BUR A3 48 SentiDic.
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F4 ETRRMERSSHNEEUAMMEE
Tab. 4 A algovithm for extraction of Chinese microblog subjective senterces based

on lexicon and corpus

Input: CHIEA)F S
Output: SEFMAJEL S ZEHWA)
o Af PR S AR E T S D =AY then
S hEMA]
else
if FIZET 2-POSW BB 1 3 WA UL 2T S O EA) then
S EFMA)
else S &FWH
end if
: end if

o I A T o e

4 BB

4.1 TR EA 5 D 2R 54

NLP&CCH ST AR AT PRI AR A T By AR A et 20 4 3875 15 (1 A D18
. 1 VEI OO R RIS AT A DI 43, 35 7 040 AN PRI G SR AE xml SCAF,
BRI 3B 2 R AR PRI R 7. NLP&CC ST RS I8 B PRI e . = W)
SUBRE A LB RV, ANELHE N0 B BT IERRIE . AR Z PP WA R S8 bR, A “H
AR EAS G D L B U PP S TP 1000 AN AT 1000 A2 AL R T
s, AP ASCES 3.4 15 /- A 1) 50 B N A AT HLAS B AL BN R

ol TR DT AE 451

<weibo id="89" >

<sentence id="1" >#H "R BEA KM D> LR H#E T B — L8 BORE w2 2 2K
1T, Sh/D RS U B BET, A8 LS A X A KRS ? < /sentence>

<sentence id="2" >FEAHL ik, BATINZAE, 2ERZIIE? < /sentence>

<sentence id="3" >Z H X ? < /sentence>

<sentence id="4" >B A H KX —MEAT LR, B O IEENEZ T, H51E, =25
&, ST WER LB, FERE THR T . </sentence>

<hashtag id="1" >H ZARKZA B> L7 < /hashtag>

< /weibo>
4.2 FRHARE

R AR, F AR EVEAE B A ). A X2

SR ) HH A I A U ) B

M = R TR

e — SRV IE T
SO T T AR R R AR R
= DR HEIE

MRS RS
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Tab. 5 The experiment result base on the traditional large-scale lexicon algorithm
T /% A/ % F1{&/% BATIN (6] /s
57.5 79.2 66.6 3.2

F6 ETRHAMERSSHEEENAMBEZIRER

Tab. 6 The experiment result base on the lexicon and corpus algorithm

o B R /% A% % F /% AT s
a=3, 5=6 64.8 80.6 71.9 61.3
a=3, =9 69.6 78.1 73.6 60.5
a=4, =8 69.7 72.9 71.3 59.1
a=4, B=12 74.0 67.1 70.4 61.1%

SRR W], ARG TR [ S 1)l 1 00 il DO (R A R A, X W]
R 245 an] 1 £ L8 T R Bl ) 7 v AT R W 8 1) 00T S AR, A% GE )3 T R A1
U] M PR R T O g ol BB 3k L B g )1 rh R A DG SRl 1 At E T i R 1 O M
A PR, SRR PRAT R B . 6 T AR SR A T 1 S TR 1 R 00 il B,
TR A HER A . AR o 6 BUE A FITTAS R AR B 5 A% SR T XU A
] M PR  E  Flr EBCBv, AR SRR A B9k BEE i v R 2 10 [ N 2 v 7 [T AR, AR
PR SEI2E 2 1) L A0k URCRAR KRE O TN Rtk (K UL SN 2Rkl rh 23 WAL I
TEAfAE. RN, AH P AT A% e Ak T RS 1] S PR o 0 gl ULV, A ST Sk 3e
IPRRAT TR B£.
5 & %

AR SRR 1) 5 R R 7 0 5 1 TR AR AR SR I W i 1 15 O B A, RSO B ik e 4
H T A1 N-POSW B8 FEARAE A1 1 2-POSW A5 Tk 18 k2% o 1) 75 s R 1 v 4
SISO, AT B vt B U 2 0 0 3l PR 4 [P A S ) N-POSW AU AN SRR (8] H 42 21
(K] N-POS # 3L AT A 5L 19 D3 N-POS BRGNS IR R 5141 7 IS AR 30
ASCHR ) N-POSW # M Sl N ANl £ D 07 IR AL IO, 7] I 2% RG] P R AR 17 J (6 )
ISEM . SCEG 25 RER ], A5 M A F AT LA R 73.6%, Ut AAS SO ik i wl AT 1.
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